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* Evaluated on a test set of 1.5K structures from the Crystallographic Open * Fine-tuned on 5.4K structures with labelled Spectroscopic Limited Maximum
Database (COD) Efficiencies (SLMESs)
* XRD conditioning improves structure-match rate from 15.89% to 49.04% * Generated candidates cluster near optimal single-junction Shockley-Queisser

limit band gap range (1.2 — 1.4 eV)
* Conditioned model recovers structures with up to 83 atoms per unit cell vs. 40

for unconditioned * Compounds absent from training data generated, with SLMEs & stability
validated by DFT (HSEO6 functional used)
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